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Training a single AlmodellA| and climate change: The

can emit as much carbon |...: - :
as five cars in their mixed impact of machine

lifetimes learning

Why it's so damn hard to make Al
fair and unbiased

The Efforts to Make Text- | How Artificial Intelligence Can
Based Al Less Racist and § Deepen Racial and Economic
Terrible Inequities
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e Contextualizing Innovation
e Defining what Al can and cannot do
e Measuring and tracking impacts






Contextualizing Innovation



Innovation 1s important, but it needs to be
framed within a broader context of social
and environmental responsibility
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e Traditionally, the dominant discourse of Al has
originated from Western hubs like Silicon
Valley.

e In order to have inclusive and global Al, we
need to engage new voices and ideas

e [tis important for Al to empower local
stakeholders who are close to the problem and
to the populations affected by it.




Defining what Al can and cannot do



Tackling Climate Change with Machine Learning
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http://www.climatechange.ai

Autonomous vehicles

Electric vehicles

Alternative fuels

Reducing food waste

Climate-friendly construction

Climate-friendly chemicals

High Leverage

m




e [tisimportant to be aware of both the potential
and the limitations of Al

e [Lis ourjob as Al researchers to manage
expectations and messaging around our work.

e This can include ‘raining on the Al parade’ and
being clear about what'’s possible and what isn’t



Measuring and tracking impacts



Increased transparency will help compare
the costs and benefits of Al and make more
informed decisions



My current work is focused on
Responsible Evaluation of Al
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Data Measurements Tool
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BigScience

7 Extrinsic Tasks: 8 Intrinsic Tasks:
MT (WMT, DiaBLa); Syntax (UD, BLiMP, Edge Probing,

QA (TyDiQA+PIAF+XQuAD); = LinCE); NER ( , WikiANP
Summarization (CRD3, MLSUM); SRL (QA-SRL);

Generation (GEM, Wikilingua); . . Language Modeling (Flores);
SuperGLUE EthnSIC World Knowledge (LAMA)

Intrinsic

Multilin-
guality

Few Shot Social

9 Few-Shot Tasks:

N
Unseen Domain (BioASQ, lmpaCt 4 Bias/Social Impact Tasks:
QASPER); Unseen Task Gender Bias (WinoMT); Toxicity and
(MNLI, ANLI, HANS); Unseen Social Identity (Jigsaw); Social
Language ( ); Unseen Stereotypes (CrowS-pairs); how to
Labels (HuffPo) present and aggregate results across

multiple languages?



“You can only improve what you can measure”

e Developing tools for evaluating social and
environmental impacts is a key part of Al

e Taking these measures into account when
developing and choosing models can help drive
more responsible practices in our community
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